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Al /‘/@b Why Start with a Review Paper

O w
o Understand the field Identify the gaps

N\ O .
e Design your next study Support your thesis

f Chapter 1
THESIS ,1 Introduction ]
# » : /—Chapterz
[- 7 Literature Review .
\‘\ Chapter 3 i
What has already been studied? What is missing, weak, or , , Use the review as the foundation for
underdeveloped? Turn gapsiinto researchiquestions Introduction and Literature Review
What data, methods, and , , : : ; .
topics are common? Where is the evidence Build your own project from Expand it later into MSc or
' still limited? the literature PhD thesis chapters
N, . o o e Y, \ 7
My example » Two methane review papers
@ e -~ © » - identified key gaps in multi-source data
- ! j /

\ = >
| , % modeling and physics-informed neural
=— =P g networks (PINNs)

. - i
Review papers Gap discovery Research articles led to two later research articles

[ i? A review paper is not only a publication — it is also a tool to understand a field, find a gap, and prepare your next study. ]




What Is a Scoping Review
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Alﬂ@b Scoping Review or Systematic Review?

Choose the review type based on your research question

SCOPING REVIEW SYSTEMATIC REVIEW

Best for broad mapping questions Best for focused evidence questions

Use it when you want to: Use it when you want to:

* Explore a broad or emerging field » Answer a focused research question

* Include different study designs « Compare similar studies or interventions

« Map concepts, methods, and evidence » Assess study quality and risk of bias

* |dentify gaps and future directions  Estimate an effect or reach a focused conclusion

Main
guestion:

Main

_ Does Al help doctors detect heart attacks more
guestion:

accurately than standard methods?

How is Al used to predict or detect heart attacks,
and what research gaps remain?

What is happening across the field? — Scoping review Does one specific method work better?— Systematic review
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How to Write a Scoping Review

Frame the question PCC framework and eligibility criteria
Build the search strategy Database plan and search strings

Screen the literature Included records and PRISMA flow

Extract and chart the data Structured charting matrix

Map and synthesize the evidence Evidence maps, gaps, and themes

Write, report, and submit Manuscript and appendices
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/lk The PCC Framework

P — Population C — Concept C — Context

Who or what group is the review about? What main topic or phenomenon is being Where and under what healthcare conditions?
mapped?
IN OUR REVIEW IN OUR REVIEW IN OUR REVIEW
Patients, healthcare professionals, and Al and machine-learning applications relevant to Hospitals, clinics, community care, nursing,
health systems healthcare quality and patient safety, including public health, and other real-world or
diagnostic, predictive, decision-support, and clinically relevant healthcare settings

economic evidence

4 < {

Research question generated from PCC: How is Al being used across healthcare settings to support
healthcare quality and patient safety, and what evidence gaps remain?

PCC — research question — eligibility criteria — Table 1



Al /b@b
Build the Search Strategy

BLOCK 1 — Al and Machine Learning

"artificial intelligence"” OR "machine learning" OR "deep learning" OR
"neural network™ OR "large language model*" OR...
OR =include similar terms

AND

AND = connect different concepts

BLOCK 2 — Healthcare Quality and Patient Safety

"patient safety” OR "quality of care” OR "clinical decision support" OR

"medical error*" OR...

Full reproducible search strategies are provided in Appendix 2.



Database Selection and Search Results

Why these databases?
PubMed : Biomedical and clinical research
Web of Science 7163 Scopus & WOS: I.3roacf, muIt|d|SC|PI|nary research
IEEE Xplore: Engineering, computing, and Al
IEEE Xplore 3.141 CINAHL: Nursing
CINAHL 1,384
Total records identified 43’394

Select databases based on your review gquestion and
PCC framework.
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Identification

Screening

Included

Identification of studies via databases and registers

Records identified from databases
(n=43,394)

PubMed/MEDLINE (n=16,561)
Scopus (n=15,145)

Web of Science Core (n=7,163)

Records removed before screening:

Duplicate records removed (n=15,692)

Import - loss records (n=37)

l

Records screened after
deduplication (n=27,665)

Records excluded or not advanced during staged

screening (n=26,383):

Excluded by rule-based criteria (n=10,246)

Not advanced after predefined prioritization

Reports retained for evidence-
maturity prioritization (n=1,282)

Reports retained in audit trail, not advanced to

detailed assessment (n=905)

i

Data Screening with the PRISMA-ScR Flow

Every record must be accounted for:
Included, excluded, or not advanced

Record reasons at each stage:
2 Keep counts and exclusion reasons during
screening, not after writing.

All numbers must match:
3 The PRISMA figure, manuscript, abstract,
and appendices must be the same.

https://www.prisma-statement.org/prisma-2020-flow-diagram

Reports assessed for eligibility

(n=377)

y

Reports not included in primary synthesis after

detailed assessment (h=102):

Reports excluded (n=3)

Studies included in review

(n=275)

[


https://www.prisma-statement.org/prisma-2020-flow-diagram

A%&b Build the Charting Matrix

Bibliographic details Study design / Application domain(s)
evidence type

Validation maturity Deployment / real- Workflow / process
world context metrics

Equity / subgroup Governance / lifecycle Economic / value

indicators indicators characteristics

Al domain Validation Real-world use
Study A Prospective Predictive + CDS External Yes No workflow metric
Study B Review Diagnostic Al N/A No Limited equity reporting

One study = one row. One variable = one column.



How Mature is the Evidence?

Primary Display Domain Study Design Validation / Evidence Maturity Translation / Deployment

interventional (n=62) randomized evaluation (n=62)

Prospective or Prospective /
four stages

Real-world context, no
verified workflow metric (n=97)

Predictive analytics /
early warning
(n=40)

Retrospective (n=13)

External / icenter
validation ( )

Internal / no advanced
Other or mixed (n=27) validation (n=29)

Economic evaluation (n=4)

Clinical decision support /
implementation
(n=6)

Economic / value
assessment Workflow / process
(n=18) metrics reported (n=7)
No reported
deployment indicator (n=2)

How to Read this figure:
* Read from left to right
Diagnostic Al * Line width = number of records
« Follow one pathway across the
L

Node colours Key Finding
I Diagnostic Al I Predictive analytics / early warning Clinical decision support / implementation P Economic / value assessment
97 records had a real-world context,
I Prospective or interventional I Retrospective B Economic evaluation 0 Other or mixed
I External / multicenter validation I Internal / no advanced validation I Workflow / process metrics I Real-world, no verified workflow metric bUt On |y 7 reported a Verlfled Workﬂow

No reported deployment indicator Or process metrlc
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Cross-domain
barrier

Validation gap

Workflow-mediated
effectiveness

Infrastructure
fragmentation

Equity &
generalizability

Economic &
governance

Prospektive evaluation
External or multidenter validation
Workflow /}srocess metrics

Data / nteropera‘ility constraints

Equity / subglup assessment

Economic / v@lue assessment

Goverfance / lifecycle

Diagnostic Al
(n=142)

Predictive
analytics
(n=192)

The Evidence Gap

Clinical decision
support /
implementation
(n=233)

Economic /
value
(n=53)

How to Read this figure:

—+— e Columns = Al application domains
 Rows = evidence indicators
» Bubble size = number of records

Key Finding
Workflow and equity evidence was sparse
across most application domains.



Lab From Map to Synthesis — Five Cross-Domain Barriers

Evidence base Cross-domain barriers ; Quality and
patient-safety value
4 . e & 2
@F| —
Al evifience ba§e & Healthcare quality and
technical promise patient-safety value
* High task-specific * Clinically actionable
performance benefit
» Expanding literature  Sustainable, workflow-
across diagnostic, integrated
predictive, CDSS, and value implementation
domains ,
. _— « Safer, more equitable
* Predominantly and governable
retrospective and deployment
heterogeneous evidence
\_ Y, & J

Good Al performance does not automatically become good healthcare.



Alﬂ@b Manuscript Structure and Reporting

Manuscript Structure PRISMA-ScR checklist

_ Fill it while writing; submit it as Appendix 1
Introduction

Methods — eligibility (Table 1), sources & search, selection,
charting, synthesis PRISMA-S search documentation

Results — PRISMA flow, characteristics, domain patterns, gaps Full strings, dates, limits, exports — Appendix 2

Discussion — interpretation, implications, strengths & limitations

Conclusion — what the map means for the field Complete charted corpus

Row-level matrix with links for all 275 records — Appendix 3



Alﬂ,ﬁab The Toolbox

) ) ) W

(. (. (
o Manage References 9 Screen Records G Analyze and Visualize

-
9 Chart the Evidence

e

)]
|

- )

I E i - "<./> DHQE

Zotero Rayyan Excel Python
Import, organize, and Title/abstract screening, One record per row, Deduplication audit,
manage references labels, and conflict review structured coding, count checks, PRISMA,
formulas, and count checks Sankey, and bubble map
. J \_ J L J , o

Other options
EndNote for reference management - Covidence for end-to-end review management - R for analysis and visualization

fondp X

/ N
[ ’i\__“@') The tool matters less than a clear workflow, consistent coding, and a complete audit trail.
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L\-[ultimedia ‘Appendix-l. PRISMA-ScR Checklist-

Titles

ABSTRACT+

Structured-
summaEry

INTRODUCTION+

Rationalas

Ohbjectives+

METHODS-

Protocol and-
ragiztrations

Eligibility criteria+

RESULTS+

Selection of
sources-of-
evidenca+s

Charactaristics of-
sources-of
evidenca+

Critical appraizal-
within sourcss-of
evidenca+

Eesulizof
indrvidual sourcas-
of evidences

Synthesiz-of
razults+

1

ks

14+

16+

18+

Identify the report-as-a-scoping raview.«

Provide-a-structored summary-that includes {as-
appliczkble) backsround, objectives, eligiblity-
criteria, sources-of-evidence, charting mathods, -
razults,-and conclusions. <

Diezeriba the-rationzle for the review-n the-context-
ofwhat-iz-already knovwn. Explam why tha review-
gquestions’chjactives lend themsalves to-2-scoping-

review approach. <

Provide-an-explicit-statement of the-questions and-
objectrves being-addressad-with referenca fo-thair-
key-elementz (e g. -population-or-participants, -
concepts,-and -context).

Indicate whather a review protocol emists; state if
and whare it can be-accessad; and if available, -
provide registration mformation including tha-
registration number.

Spacify-characteristics-of the sources-of evidence-
uzed -as-eligibility eriteria (e g -vears considerad. -
lanzuasze -and publication status) and provida-a-
rationale <

Grve mumbers-of sourcesz of evidenca seraaned, -
aszzazzed for-alizibility, and mecluded in-tha review, -
with reazomns for-exelusions at-each-stage, 1deally-
uzing-a-flow diagram. <

For-each source-of-evidence, prazent-
characteristics for-which-data-were charted-and-
provide tha-citations «

If done, present-data on-critical apprasal of
meluded sourcesz of evidence (zea item - 12).<

Foreach includad source of ‘evidance, presant-the-
relevant-data that meers-charted that palate to the-
raview questions and objectivas <

Summarize-and 'or preagent the-charting resuliz-as-
thay relateto the review questions and objactivas

3 Artificial Intsiligence-for Healthcare -Quality-and -Patient-Sqfep: A -Scoping Reviewaf Diagnostic, -Predictive. -and -Decizion-Support Applications

ion | PRINA SR Cheklcln
TITLE~

Title-page, p.-1.- The full title-explicitly states-"A Seoping-
Beview".+

Abstract, p-1-2, structured with-Background, Objective,-
Mathods, Eesultz, and Conclusions sections <

Introduction p.-2-3,which daseribas-the translational zap-in-
healtheare-Al-and the nead for-a-cross-domain-synthesis, -

justifying a-scoping reviaw-approach. <

Feview Question under Introduction, p.-3. Explicit-questions-
map-Al-evidence across-diagnestic, predictrve, decision-
support,-and econemic -or value-assezsment domains -and-
identify -cross-domaim-barriers. <

Methods, Protocol, Registration,and Feporfing, p. 3.
Conducted following JBI methodology and reported per-
PRISMA-ScR; no protocol was registared.

Mathods, Eligibility- Criteria, P -3-5;-Table-1 p.4-5_ Criteria-
ara-specified uzing the Population, Concept, Contaxt-
framework, meluding tha 201 7-2026 tima frama English-
lanzuage, and publication status

ion | PRINA SR Chekil

WHO Quality-of Care-dimensions-were usad-as a-daductrve-
seaffold, cross-domain-barriers-were-developed through-
inductive syntheziz, and figure-counts were-derrved-from row-
lewral charting-fields-and count-check proceduresz. <

Results, Study-Selection-and Ovverview, p. -8; Figure 1, p.-8-9.-
In-total, 43,394 records-identifiad, 27 665 records screaned, -
377 reportz -selected for detailed assezzment 273 racords-
ratained in the-core-charfing corpus, 99 retainad m the reserve-
corpus, and -3 -excludad <

Eezultz, Study Charactenstics-and Evidence Landscaps, p. 5-
10;-Tabla 2, p.-9; Figore 2, p.-10; Multtmedia-Appendix 3 .-
Charactanstics of the 2 75-record core charting corpus-are-
summarized in-the taxt-and visnalizations, with the complete-
row-leval charting matrix providad m-Multimedia- Appendix-
e

Not-applicabls; no-formal nisk-of-bias-appraisal or critical-
appraizal scoring was conducted, consistent with scopmg-
review methodology .- Validation maturity-was charted -
dezseniptively in Methods Iethodological Characterization, -
p.-7-and Fesults, Study Characteristics-and Evidenca-
Landscape, p.-9-10.<

EResults, - Application-D'omain Evidence Patterns, p.-10-11;
Tabla 2, p.-%; hultimedia-Appendic-d; hMultimadia - Appandix-
3 -Istratrve records are-summarized in Multimeadia-
Appendix-4, and the complate row-level charting -matrix for-
tha-273-record core-corpus-iz-provided in hultimeadia-
Appendix 3.+

Results, Cross-Dlomzin - Translation Barmers, p.-12-15;-Takbla-
3,p.-12-13; Figure 3, p.-14; Discuszion, - Principal Findimgs; -
Figure-d, p.-15. Charting results-are-smmmarized -across-

=T T

Information-
sourcess

Search+

Selection of
sources of
evidenca+s

Data-charting -

process

Data-items+

Critical appraizal-

ofindividual-
sources of
evidenca+s

Synthesiz of
rezults+

10+

12+

Deescribe-all information sources-in the-search-
{a.z., databaszes with-dataz-of coveraga and contact-
with-authors to-identify-additional sources), as-
well-as-the-date the-most recent search-was-
exacuted.~

Present the full electrome search strategy for-at-
least-1-database meluding any limits usad, -such-
that-1t-could be-repeated .~

State the process for selecting sources of evidance-
{Le., screening and-=ligihility) meluded in tha-

5COPINE TEVIEW.

Describa the mathods-of charting -data from tha-
included sources-of evidence (o g, calibrated-
forms-or forms-that-have been tested by -tha team)-
and-any processaz-for-obtaming -and-confirming -
data from-mvestigators.«

List-and-dafine-all-variables for which-datz-wers-
sought-and any-assumptions-and-simplifications-
made.~

If done, provide-arationals for conducting -a-
critical -appraizzl of included sources of evidance;-
dezcribe-the methods used and-how-this-
nformation wasused in-any-data synthasis <

Describa the mathods of handling and-
summarizing the data that were charted +

Methods, Information -Bources-and -Search-Strategy, p.-3-6.-
Frve-databases (PublMed MEDLINE, Scopus, Web-of Science-
Cora-Collection, IEEE - Xplore, CINAHL Plus with-Full-
Taxt);-searchaswera-axecuted on MMav-13, 2026 and coverad -
records publishad from-January-1,-200 7, to-April-30,-2026

Methods, Information Bources and -Search-Strategy, p. 5-6;-
Multimadia-Appendix-2. Full search-strategiss for-all-five-
databaszes-are provided - Multimedia-Appendix-2 .~

Methods, Selection of Sourcas of Evidence, p. 6; Famlts -
Study Selection and Overview, p. B; Figure 1 and caption, pp.-
E-8. Btazed rule-bazed filtermg, mammal screening, evidence-
maturity priorifization, detailed -assessment, core-corpus, -
rezerve-corpus, and exclusions-are described

Methods, Diata-Charting Process-and -Data Ttemns, p.-6-7;
Multimadia- Appendix- 3. -Stroctorad charting -fislds primary -
charting by -one reviewer with-subset venfication, row-leval -
fialds, -and count-chack procedures are reportad. <

Meathods, Diata-Charting Procesz and Data-Ttems, p.-6-7;-
Multmeadia- Appendix-3. -Vanables melude-application-
domain -study dasign-or-evidence type, validation maturity, -
deployment-or real-world context, workflow metrics, equity-
or-subgroupindicators, infrastructure-mdicators, governance -
or-lifecyela indicators, and economic-or value-zszazsment-
characteristics «

Methods, Mathedological Charactarization, p.- 7. No formal-
rizk-of-bias appraizal or-critical-appraizsal scoring was-
conducted; validafion matunty and reporting featuras-wers-
charted descriptrvely, with TRIPOD+AT and PROBAST uzed-
only-as-dezeriptive lenses <

Methods, Data Charting Process and Diata Items, p 6-7;
Methods, Synthesiz of Resuliz, p. 7; Multtmedia Appendix 3.

ion | PRINA SR Cheitl

DISCUSSION-

Summary of
evidencas

Limitations+

Concluzions+

FUNDING+
Funding+

18

Summarize-the mam results-{inchiding -an-
overview-of concepts, themes,-and types of-
evidenca available), link to the review questions-
and-objectives,-and-consider-the relevanca to-key-
Eroups.+

Dhscnss-the limitations-of the scopimg reviaw-
procass -

Provide-a-general mterpretation of the results with-

razpact to-the review gquestions-and-objectives, as-
well-as-potential implications-and or-next steps. <

Describa sources-of funding-for the includad-
sources of evidence, -as well -as-sources-of funding-
forthe scoping raview. Deseribe-tha role-of tha-
funders of the scoping review.«

barriers, with-Table-3 -defining-the bamiers, Figure 3 chowme-
mdlcatm' vizibility,-and Figure 4 presentmg the conceptual-
synthesiz.~

Discuszion, Principal Findings -and Intarpreting tha Fiva-
Barrierz, p-15-18. Bummarizes evidence-acrosz-domains -and-
links to-objectives.«

Dhscuszion, Strengths-and Limitations, p-19-20. Limitations -
include-lack of prospective registration; no-formal - medical-
Librarian or-imformation-zpecialist consultation;-singla-
primary-reviawer sereening-and-charfing with subset-
verification and no-fully independant duplicate- screenj.ug o1
duplicate data extraction; pricritization-based sereening with-
ehgiblestudies pozsibly- reiamed in-the reserve corpus; rapid-
charting based parthy on-titles, abstracts, and metadata with-
ta:geted-manual-reriﬁcaﬁnﬂ;-Eng]jsh—language-reshiﬂEﬂn;-
abzence of supplamentary search method:; and no-formal-
risk-of-bias appraizal or meta-analvsis, consistent with-
scoping review methodology

Discuszion, Conclusions, p-20. Five structural barrers; the-
constramt-on-clmical value1s stroctural rather than technical;
prerequisites-for responsible-adoption. <

Funding section, p-21. - The scoping review was supported by
Canada'zs [IDR.C{Grant Mo -109931-001), IDRC-and FCDO-
{Grant Mo. - 110554-001),-and -additional named grants -and-
tha funders'roles are-dezeribad. Funding sources of the-
indriidual meluded studiesz-wrere not charted
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Multimedia-Appendix-2.-Five-Database-Search-Strategy, Export-Audit,
Deduplication, -and-Screening-Flow-

1.-Purpose-and-scope<

This appendix-documents the five-databaze search the-export-and-import audit trail, the local deduplication workflow,
the staged- screening workflow, and- the traceability- of the final core-charting corpus.- It is- provided- to- support
transparent reporting of the search strategy-in line with-the PRISMA-S extension and to-allow-each search component
to-be reproduced.- Searches were executed on 2026-03-18-and-covered records published from- Janvary-1,-2017_to
April 30,2026 4

2.-Databases-searched-and record -counts-before-deduplication+

Database Platform+ = Search- Date- Languages Document/content-types Hits+
field/modes  range+
PubMed MEDLINE+ PublMed: MeSH Major- | 2017-01- | Englishe Editorials, comments, letters, 16,3614
Topic+ 01 to news, and animzl-only records-are
title‘abstracts | 2026-04- excluded by the filter:
ki
Scopus Scopus TITLE-ABS- | 2017-01- | Englishs Article+Review-(main)-and 15,1454
KEY+ 0lto Conference Paper (supplementzry
2026-04-
3w
Web-of Sclence Web-of Topic-Search- | 2017-01-  English Article+Reviews 7,163+
Core-Collectiom Sciences (T8y 0 to
2026-04-
ki
IEEE -Xplore: IEEE Document 2017-01- | Englishs Conferences, Joumals, Early 3,141+
Kplore: Title+ 01to Access;
Abstract: 2026-04- books/'magazines standards/courses
304 excluded:
CINAHL Plug-with- | EBSCOhost+ Title+ 2017-01- | Englishs No-source-type restriction-at-the 1,384¢
Full Text: Abstracts 0lto search stages
2026-04-
3w
Totals ‘ ‘ ‘ ‘ ‘ 43,3044,

3.-Publication-type filtering-across-databases«

Publication-type exclusions were implemented- differently- across- databases because publication-type-indexing-and
export-fields-are-not-equivalent across-platforms -PubMed/ MEDLINE -provides-contrelled-publication-type tags, zo
editorizls, comments - letters - and-news records were- excluded- directly- in-the- PubMed-query.- In-Scopus, Web-of
Science, IEEE Xplore,- and- CINAHL -equivalent publication-type- exclusions were-not- applied- at- the- search-string
stage becausze field definitions and-indexing- were less consistent across-platforms. -Instead. noneligible publication
typeswere handled uniformly during the staged sereening worldflow, whichexcluded editorials, commentaries letters,

news-items, books, -errata, retracted publications, -and shert-conference-abstracts without-sufficient- methods-or results <

4.-Supplementary-search-sources<

Forward-citation chasing-and-the International HT A-Database were considered-as supplementary -search-sources-but
were not-implemented-as logzed formal search sources for this review. They are therefore not described-as part-of the
formal five-database search-corpus. Background-and consensus references-identified outside the formal search-were

used-only for contextual discussion and are distinguished from the charted evidence corpus throughout the manuscript «

Appendix 2

5.-Export-and -import-audit<

Identified-record counts forthe PRISMA -flow use database hit-counts. Local-deduplication used-parsed-and
imported records. The only retained discrepancy between-identified and parsed records was-a-documented 37-record

g% difference-in the Scopus main-search-export-and import «

Database/source+ Hits+ Parsed/importeds Differences Notes+

PubMed MEDLIINE* 16,561+ 16,561+ s Exported m-three non-overlzpping segments
due to-export size limits ¢

Scopus 15,145+ 15,108 -3 Main-articlereview search imported-37-fewer
records than -database hits; discrepancy
retained in-audit-log ¢

Web-of Sciences 7,163+ 7,163+ 12 Database hit count used for FRISMMA
1dentification +

IEEE Xplore: 3,141+ 3,141+ i3 RIS citation export-with citation and abstract
fields when avalable.«

CINAHL Plus-with Full 1.384¢ 1.384¢ 0 EBSCOhost full-result RIS export.«

Text:

Total 43,304+ 433570 =374 The 37-record-difference-corresponds to-the

Scopus export import discrepancy «

6.-Database-specific-export-segmentation+

6.1 PubMed MEDLINE -export segments:

Segment- History-query+ Hits+ Export file-
11 #1-AND-(2017/01/01 - 4 064« PubMed MEDLINE 2017 2021 nbib
2021/12/31 )
2 #3 NOT #2 5,334« PubMed MEDLINE 2022 2024 nooverlap nbibs
#NOT (#2 OR#5)¢ 6,263 PubMed MEDLINE 2025 2026 JanApr nooverlap nbibe .
Totals i 16,561+ Segment total -equals full-range-hit-count

6.2-Scopus-export-batches:

Batch+ Document type+ Year(s) Hits+
Mam- 2017 Article; Reviews 2017+ 1964
Mam-2018 Article; Feviews 2018+ 307
Mam 2015 Article; Feviews 2019 446
Mam- 2020 Article; Feviews 2020+ 6264
Mam-2021 Article; Feviews 2021+ 791+
Mam-2022¢ Article; Peviews 2022+ 970
Mam-2023¢ Article; Feviews 2023+ 1,212«
Mam 2024 Article; Peviews 2024+ 1,781«
Mam 20253« Article; Reviews 2023 3,202
Maim- 2026 Article; Feviews 2026+ 2,025
Mam totals Article; Peviews 2017-2026+ 11,5564
CP-supplementary: Conference paper 2017-2026+4 3,386
Scopus total: Article; Review; Conference papers 201720246 15,1454

6.3 Web-of-Science-export-batches

Year Hits+ Year Hits+
2017+ 81 2022 613+

2018¢ 131+ 2023 750

2019+ 20 2024¢ 1.019¢
2020+ 325¢ 2025 2,288+
2021+ 4924 20246¢ 1.255¢
Totals ‘ ‘ 7,163

6.4 IEEE-Xplore-and-CINAHL -export-notes:

IEEE Xplorewas exported-as RIS citation files with citation-and-abstract fields when-available. The final post-filter
result-count-and the imported count were both 3,141 -CINAHL Plus with Full Text was exported as-a single RIS file
using the EBSCOhost full-result-export; the database hit-count and imported count-were both 1,384«

7.-Complete search-strategies«

7.1 PubMed MEDLINE (search-date-2026-05-18)

(" Artificial Intalligence"[Majr] OF.-"Machine L earning" [Majr] OR+
" Dieep Leammg" [Majr] OR.-"Neural Natworks -Computer” [Majr] OR+
--Martificial mtellizence"[tiab]-OR "machine learning "[tiab] OR+
---"deep-learning""[tiab]-OR neural netwrork *[hab] DR+

-"large lanpuaze-model [tiab] OR-"large-languzpe-models” [tiab] QR
el ation model"[tiab]- OF. " foundation models"[tiab] )+
~-"Quality of Health Care"[Majr] OR. "Patient Safety"[Majr] OF.+
~"Decision Support Systems, Clinical"[Majr] OR+

"' patient zafety"[tizb] OR.- "quality of care"[tiab] OR+

---""healtheare gquality "[tiab] OF. "health care-quality” [hiab] OF+
--"elmical decision-support”[tiak] -OFR-"medical error” [tizb] OR+
~"madical errors"[t1ab] )

AND{"2017/01/01" [dp] :-"2026/04/30" [dp])y

AND englishfla]+

NOT (animals[mhk] NOT humans[mh]y

NOT (editorial[pt] OR comment[pt] OF. letter[pt] OF. news[pt])+

7.2 Scopus-main-search-(Article +Review)-

TITLE-ABS-EEY (¢

-{-"artifieial mtellizence” OR.-"machins-leaming” OR. -"deep-learning " OR+

- neyral network" OR.-"neural networks" -OF."larga langnage model"-OR+
~"large language model:” OR-"foundation model™ OF.-"foundation models" )
-{-"patisnt-zafety" -OR."quality of care"-OF. "healthcars quality" -OR+
---"health -care-quality” -OF.-"clinical decision-suppert” QR+

~"medical error”-OR "medical emrors"-OF. "madication-error" OB+
--"madication errers” )}
ANDPUBYEAR>2016-AND-FUBYEAR <2027+

AND{ LIMIT-TQ-{ DOCTYPE-, "ar" )-OR LIMIT-TO{ DOCTYFE -, "ra"}- )¢
AND LIMIT-TO { LANGUAGE, "English” )

7.3 Scopus-supplementary-search-(Conference Paper)-

TITLE-ABS-EEY (¢

-{-"artifieial mtellizence” OR.-"machins-leaming” OR. -"deep-learning " OR+

- neural network" OR.-"neural networks" -OF.-"larga langnage mode]"-OR
--"large lanpuage-madel:™ -OR -"foundation mode]"-OR " foundation modals" &
i-"patient-safaty” -OR "quality of care” OF. "healthcars qualiy” OR+

---"haalth care-quality” OF.-"clinical decision-support” QR+
~"medical-error” OR "medical emrors" OF. "meadication-error” QR+
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Appendix 3 Charting Matrix

Authors

Journal Name

Publication Tvpe

DOI URL

Primary_source_URL_fi

JMIR-00006
JTNIR-00043
JMIR-00036
JINMIR-00082
JMIR-00093
JTNIR-00093
JMIR-00123
JIMIR-00737
JMIR-01404
INMIR-01704
JMIR-01713
JMIR-01918
JMIR-02047
INMIR-02066
JMIR-02193
IMIR-02263
JMIR-02767
TMIR-03049
JMIR-03218
TMIR-03413
JMIR-03582
TMIR-03802
JMIR-04401
JTMIR-04383
JMIR-03377
JTMIR-03643
JMIR-06276
JTMIR-06277
INMIR-06344
TMIR-07402
INMIR-07836
JMIR-07962
IMIR-07971
JMIR-08049
JINMIR-08032
JMIR-08181
JNMIR-08213
JMIR-08278
INMIR-08394
JMIR-08426
JINMIR-08473
JMIR-08644
JNMIR-08712
JMIR-09328
JTNIR-09338
JMIR-(09444
JTNIR-09488
JMIR-09708
INIR-09784
JMIR-10117
JIMIR-10573
JMIR-10633
TMIR-10643
JMIR-10660
JMIR-10937
JMIR-10979
IMIR-11362
JMIR-11579
IMIR-11673
JMIR-12200
JMIR-12381
JIMIR-12403
JTMIR-12397
IMIR-12749
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CINAHL

CINAHL

CINAHL

CINAHL

CINAHL

CINAHL

CINAHL
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IEEE Xplore

IEEE Xplore

IEEE Xplore
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IEEE Xplore

IEEE Xplore
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IEEE Xplore
PubMed MEDLINE
PubMed MEDLINE
PubMed MEDLINE
PubMed MEDLINE
PubMed MEDLINE
PubMedMEDLINE
PubMed MEDLINE
PubMedMEDLINE
PubMed MEDLINE
PubMedMEDLINE
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Integrating Artificial Intelligence into Breast Cancer Histopathology: Toward Improved Diagnosis and Proj Faa, Gavine; Lai, Eleoncra; Cau, Flaviana, Coghe, Ferdinando; Rugge, I
Artificial Intelligence Alporithms for Insulin Management and Hypoglycemia Prevention in Hospitalized P Faulds, Eileen B.; Rayan, Melamie Natasha, Miachalk, Matthew; Dlmgz'
Al-driven clinical decision support systems: Revelutionizing medication selection and personalized drug th Khude, Hrishikesh; Shende, Pravin "
The role of artificial intellipence in wound care: applications, evidence and future directions. Chadwick, Paul
Artificial intelligence in emergency department triage: a scoping review on workload reduction and patisnt : Kim, Seoyoung; Nam, Soo-Hyun; Lee, Jungmin
Inteprating Artificial Intelligence into Perinatal Care Pathways: A Scoping Review of Reviews of Applicati El Arab, Rabie Adel; Al Moosa, Omayma Abdulaziz; Albahrani, Zahrs
Inwvestigating the Role of Artificial Intelligence in Pediatric Emergencies: A Narrative Review. Sadeghinasab, Javad; Atarodi, Zeynab
A Novel Interpretable Deep-Learning-Based System for Triage Prediction in the Emergency Department: K. -C. Levng; Y. -T. Lin; D. -Y. Hong; C. -L. Tsai; C. -H. Huang: L. -C
A Framework for Automated Diagnosis and Management of Autoimmune Disorders with Neural Network L. Natrayan; §. Socrates; G. B. Bharathi: 5. Aluvala
Systematic Literature Review on Knowledge Graph for Clinical Decision Support Systems E. Hazmi; G. Besbes; 8. B. A. B. Lamine; N. B. B. Saoud; H. Baazaoui
AT Powered Decision Support Systems for Healthcare Enhancing Diagnosis and Treatment with Deep Lea M. R. Kale; A. H. Mutlag; 5. P; N. H. Al-Muraad; H. 5. Mahdi; 8. My
Lightweight Seizure Prediction via Cross-Medal Knowledge Distillation from Multi-Channe] to Single-Cha X Zhang; J. Chen; K. Ye; Y. She; X Xu; L. Zhong
The Fole of Al-Driven Support Systems in Reducing Nurse Turnover: A Systematic Review of Effectiven 8. ¥. Lee; E. X. Tan
Advanced Breast Cancer Diagnosis Using MoEfiNet: Integrating Efficient™Net Features and Expert Networ M. Jashwanth; N. Thanuja
Uncertainty-Aware Ensemble Learning for Cardiovascular Risk Assessment: A Comparative Study with CA. A, A, Akilandeswari
Heart Failure in the Obese Population: Overcoming Diapnostic Barriers with Artificial Intelligence-Driven . D. B. Kumar; M. A. Shamsudeen
REXF.T++: A New Data-Driven Approach for Detecting Alzheimer's and Cognitive Decline M. M. T. G. Manik; R. Fahman; A, F. Taznim; 8. I. Nilima; 8. Yeazmi
A Deep Al-Orchestrated Ensemble Architecture for End-to-End Pharmacy Automation with Error-Aware M. Stephen; T. Mary Mathew
Prediction of Anesthesia Depth and Early Detection of State Transitions Using EEG-Derived Features  T. Schmierer; T. Li; D. Wu; Y. Li
Radiomics for precision medicine: Current challenges, future prospects, and the proposal of a new framewn Ibrahim, A; Primakov, §; Beuque, MM, Woedrff, H C; Halilaj, I, Wu, G
Improved patient satisfaction and diagnostic accuracy in skin diseases with a Visual Clinical Decision Supy Breitbart, Eckhard W; Choudhury, Kohelia; Andersen, Anders Daniel;
A Real-Time Early Warning System for Monitoring Inpatient Mortality Risk: Prospective Study Using El Ye, Chengyin; Wang, Oliver; Lin, Modi; Zheng, Le; Xia_ Minjie; Hao,
Predicting two-year survival versus non-survival after first myocardial infarction using machine learning an Wallert, John; Tomasoni, Mattia; Madison, Guy; Held, Claes
Forewarning of hypotensive events using a Bayesian artificial neural network in nevrocritical care. Donald, Rob; Hewells, Tim; Piper, Ian; Enblad, P; Nilssen, P; Chambe
Development of a clinical decision support system for severity risk prediction and triage of COVID-19 pa Wu, Guangyao; Yang, Pei; Xie, Vuanliang; Woodruff, Henry C; Rao, X
Towards an automated multimodal clinical decision support system at the post anesthesia care unit. Olsen, Rasmus Munch; Aasvang, Eske Kvanner; Mevhoff, Christian §
Predictive Analytics for Identification of Patients at Risk for QT Interval Prolongation: A Systematic Revi Temaselli Muensterman, Elena; Tisdale, James E
Development of an Artificial Intelligence-Based Automated Recommendation System for Clinical Laborato Islam, Md Mohaimenul; Yang, Hsuan-Chia; Poly. Tahmina Nasrin; Li,
A systematic review on artificial intelligence in robot-assisted surgery. Moglia, Andrea; Georgiou, Konstantinos; Georgiou, Evangelos; Satava,
Accuracy and Effects of Clinical Decision Support Systems Integrated With BMJI Best Practice-Aided Dia Tao, Liyuan; Zhang, Chen; Zeng, Lin; Zhu, Shengrong; Li, Nan; Li, We
Clinical Requirements of Future Patient Monitoring in the Intensive Care Umit: Crualitative Study. Poncette, Alira-Sebastian; Spies, Clandia; Mosch, Lina; Schieler, Mon:
A Prospective Observational Study to Investigate Performance of a Chest X-ray Artificial Intelligence Diay Sun, Ju; Peng, Le; Li, Taihui; Adila, Dryah: Zaiman, Zach; Melton, Gen
Predicting and Preventing Acute Care Re-Utilization by Patients with Diabetes. Rubin, Daniel I; Shah, Arnav A r
Artificial intelligence. machine learning and deep learning: Potential resources for the infection clinician. Theodosiou, Anastasia A; Read, Robert C
The use of artificial intelligence to optimize medication alerts generated by clinical decision support systen Graafema_ Jetske; Murphy, Rachel M van de Garde, Ewoudt M W; o
Interpretability of Clinical Decision Support Systems Based on Artificial Intelligence from Technological a Xu, Qhan; Xie, Wenzhao; Liao, Bolin; Hu, Chao; Qin. Lu; Yang, thg'
Current perspectives on the use of artificial intelligence in eritical patient safety. Barea Mendoza, Jesos Abelardo; Valiente Fernandez, Marcos; Parde F
Managing Postembolization Syndrome Through a Machine Learning-Based Clinical Decision Support Syst Kang, Minkyeong; Kim, Myoung Soo
Explainable classification of Parkinsen's disease using deep learning trained on a large multi-center database Camacho, Milton; Wilms, Matthias; Mouches, Panline; Almgren Hant
A chatbot based question and answer system for the auxiliary diagnosis of chronic diseases based on large 1 Zhang, Sainan; Song, Jisung
A 12-hospital prospective evaluation of a clinical decision support prognostic algorithm based on lopistic r Lupe, Moniea I Li, Danni; Ingraham, Micholas E; Baum, Karyn D; Be
APPRAISE-AI Tool for Quantitative Evaluation of AT Studies for Clinical Decision Support. Kwong, Jethro C C; Khondker. Adres; Lajkosz, Katherine; McDermot
The development of early warning scores or alerting systems for the prediction of adverse events in psych Velasquez, Valentina Tamayo; Chang, Justine; Waddell, Andrea
Machine learning-based clinical decision support systems for pregnancy care: A systematic review. Du, Yuhan; McNestry, Catherine; Wei, Lan; Antoniadi, Anna Markell:
Machine learning for adverse event prediction in outpatient parenteral antimicrobial therapy: a scoping rev: Challener, Douglas W; Fida, Madiha; Martin, Peter; Rivera, Christina (
Perceptions of primary care patients on the use of electronic clinical decision support tools to facilitate he: He, William; Chima, Sophie; Emery, Jon; Manski-Nankervis, Jo-Anne;
Preoperative prediction model for risk of readmission after total joint replacement surgery: a random forest Digumarthi, Varon; Amin, Tapan; Kanu, Samuel; Mathew, Joshua; Eds
Development and validation of machine learning-based clinical decision support toel for identifying matnut Yalgin, Nadir; Kagiker, Merve; Celik, Hasan Tolga; Demirkan, Kutay;
Artificial intelligence for breast cancer detection and its health technology assessment: A scoping review. Uwimana, Anisie; Gnecco, Giorgio; Riccaboni, Massimo
FDA-approved machine learning algorithms in nevroradiolegy: A systematic review of the current evidenc Yearley, Alexander G; Goedmalkers, Caroline M W; Panahi, Armon; Dv
Predicting the Progression of Chronic Kidney Disease: A Systematic Review of Artificial Intelligence and ! Khalid, Fizza; Alsadoun, Lara; Khilji, Faria; Muoshtaq, Maham; Eze-On
Machine learning applied to electronic health record data in home healthcare: A scoping review. Hobensack, Mollie; Song, Jiyoun; Scharp, Danielle; Bowles, Kathryn E
A systematic review on artificial intelligence approaches for smart health devices. Averzano, Lerina; lammarino, Martina; Mancino, Ilaria; Montano, Deb
Explainable artificial intelligence in breast cancer detection and risk prediction: A systematic scoping reviev Ghasemi, Amirehsan; Hashtarkhani, Soheil; Schwartz, David L; Shabar
Development of a Cloud-Based Clinical Decision Support System for Ophthalmology Triage Using Decisi Tanya, Stuti M; Nguyen, Anne X; Buchanan, Sean; Jackman, Christop
Image-Based Artificial Intelligence Technology for Diagnosing Middle Ear Diseases: A Systematic Review. Song, Dahye; Kim, Taewan; Lee, Teonjoon; Kim, Jaeyoung
A Risk-Prediction Platform for Acute Kidney Injury and 30-Day Readmission After Colorectal Surgery.  Nellis, Joseph E; Sun, Zhifei; Chang, Bera; Della Porta, Gina; Mantyh
Development and external validation of a nomogram for predicting posteperative adverse events in elderly Wang, Shuai-Kang; Wang, Peng; Li, Zhong-En; Li, Xiang-Yu; Keng, Ch
Clinical decision support systems (CDSS) in assistance to COVID-19 diagnosis: A scoping review on typ: Ameri, Arefeh; Ameri, Atefeh: Salmanizadeh, Farzad: Bahaadinbeigy, 1
Predicting Hospital Ward Admission from the Emergency Department: A Systematic Review. Larburu, Nekane; Azkue, Laiene; Kerexeta, Jon
A systematic review of using clinical decision support systems in corneal diseases. Ebrahimi, Farzad; Avyatollahi, Haleh: Feraathar, Kimia
Artificial Intelligence in the Organization of Nursing Care: A Scoping Review. Ventura-Sitva, Jodo; Martins, Maria Manunela; Trindade, Leticia de Lim
Clinical decision support system using hierarchical fuzzy diagnosis model for migraine and tension-type he Yin, Ziming; Li, Heng; Han, Xun; Ran, Ye; Wang, Zhichen; Dong, Zhad
Understandine the errors made bv artificial intellirence aleorithms in histepatholosv in terms of patient im Evans. Harriet: Snead. David il
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